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terms of perception of their own ability. In my paper I will argue that (1) the perception of one’s own ability 
(self-assessment) is not similar by pupils having different parental background. Furthermore (2) educational 
choices are influenced not exclusively by abilities but also by subjective beliefs about own talent. Finally (3) 
educational choices are not identical across social classes because pupils with different parental background 
estimate their own abilities differently. However I will not investigate why the difference in self-assessment 
emerges between low and high status students, I carefully discuss whether self-assessment is influenced by 
previous achievement, peer-group and school effect. I perform multivariate panel data analysis on Hungarian 
Life Course Survey, on data of 9,195 pupils (aged 14-15) who finished primary education and begin secondary 
education. 
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I. Introduction 

 
The motivation of this paper is to provide some explanation why talented low status 

pupils are reluctant to choose knowledge intensive educational routes, like studying in 
grammar school instead of choosing vocational oriented secondary school. Answering such a 
question has special policy relevance, because Hungarian educational system provides access 
to study for the entire birth-cohort free for charge at secondary level, and approximately half 
of the applicants can study free at tertiary level. Despite this advantageous institutional 
background class differences in educational attainment remained constant in the last sixty 
years, however there was a sharp increase in the level of educational attainment of the 
population (see Figure 1 in the Appendix). 

In contrast with previous analysis on this question my hypothesis is that children in 
different social classes estimate differently their own achievement. Underestimated 
performance contributes significantly to sub-optimal educational decisions, even after 
controlling peer-group- and school effect, and at the same time it is responsible for the 
observed difference between low and high status pupils’ different educational decisions. This 
paper is agnostic why self-assessment is different among social classes. However I will 
carefully discuss why it is an important factor in the choice between educational 
opportunities. I will argue that self-acknowledged school-achievement contributes to a steeper 
improvement in knowledge and therefore might play and important role in choosing different 
educational routes. 

Since self-assessment is measured with a question where pupils are asked about their 
own performance relative to their classmates, it is necessary to demonstrate that the answers 
are independent from previous feedbacks about own achievement. In other worlds self-
assessment can be called self-confidence only in that case, if the rating about own 
achievement is not influenced with former information about school-achievement. I am using 
therefore a micro-level panel dataset called Hungarian Life Course Survey (HLCS) with about 
9,195 cases. This survey follows 14-15 years old pupils during their educational career from 
the academic year 2006/2007 when the pupils begun 9th grade, and can be merged to National 
Assessment of Basic Competencies which measures competency for the entire school-cohort 
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in mathematics and reading literacy. After the merging procedure HLCS-pupils can be 
attributed with personal- class- and school level test scores in 8th (one year prior to HLCS) 
and 10th grade.  

 
II. Why educational choices are different across social classes – some previous results 
 

Both the theoretical and the empirical literature of educational choice seeks to answer 
the question why initial differences in social origin mirror in the choice among various 
educational opportunities despite of some institutional reforms in secondary and tertiary 
education (abolishing tuition fee and entrance examination in many European countries). The 
framework in which the answers for this question were generated was put by Keller and 
Zavalloni (1964). They argue that desired goals are not uniform among social classes. 
Achieving the same goal might offer different utility in different social classes because 
members are motivated by diverse values (for the working class economic safety while for the 
middle class prestige might be more important). This also means that if members in various 
social classes put different goals for themselves they might strive to achieve this with the 
same ambition.  

A more formalized – and therefore empirically more testable – theoretical answer was 
drawn by Boudon (1974). He distinguishes primary (expressed via differences in academic 
performance between children of various social class origins) and secondary effects 
(expressed via the educational choices) in educational attainment. Due to the educational 
expansion, secondary effects are considered to become more significant in educational choice 
even though lower classes usually have lower achievement. According to the interpretation of 
van de Werfhorst et al. (2003: 43) primary effects are cultural inequalities that determine 
academic abilities while secondary effects are the different costs and benefits associated with 
various educational choices. While testing empirically Boudon’s argument Jackson et al. 
(2007) found that secondary effects account at least one quarter of primary effects; and 
although class differentials substantially narrowed, working-class students still lag far behind 
their more advantaged counterparts.  

Goldthorpe (1996) explains that classes are different in terms of material resources and 
they also have different means in status maintenance. He argues that education guards against 
downward mobility and therefore is more important for higher status classes. In less 
advantaged classes less costly education is adequate to the goal to maintain class stability. 
Moreover a failed attempt to achieve higher education should have more serious 
consequences in the working class than in the service class. Breen – Goldthorpe (1997) 
develop this theory further and offer three possible mechanisms in their model (hereafter: BG-
model). Relative risk aversion means that social classes would like to avoid downward 
mobility and maintain their status. Therefore, parents with different social origin push their 
offspring towards the schools which are perceived to acquire a position in the same class. 
Social classes are, however, different in terms of ability and expectation of success which 
leads to the second mechanism in the explanation of the differences in educational attainment 
among social classes. The third and last proposed mechanism is the difference in resources 
between social classes. According to the argument, pupils continue education only if the 
resources available for the children’s education are greater than the cost of education.  

There are several empirical attempts to prove this model. Using the data from British 
National Child Development Study Breen and Yaish (2006) found that controlling for family 
resources and the subjective probability of success continuing at school or entering vocational 
training is greatly reduced – but still exists – after O-level (when pupils were 16 years old) 
however, it disappears after A-level (when pupils were 18 years old). They conclude that 
different class origins have different threshold levels of educational aspirations (the 
educational level that class members seek to reach as a minimum). Need and de Jong (2000) 
investigated the choice for tertiary education using Dutch panel data. They found that 
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educational choice is highly determined by the educational aspirations (the desired degree 
pupils want to complete) of pupils; even after controlling for grade-point average, subjective 
ability (the level of education pupils thought they could complete at best) or net monthly 
family income of the parents. This finding is regarded by the authors as a proof of the 
importance of the risk aversion mechanism. Hartlaub and Schneider (2012) used data from 
German Socio-Economic Panel Study and distinguished structural- (family’s social status) 
and individual- (personal willingness to avoid risk) risk-aversion. Based on their findings – 
after controlling for grade point average and disposable family income – upper social classes 
are structurally almost compelled to choose academically oriented educational courses. 
Working class children, however, have more “freedom” in this choice, which is also 
influenced by individual risk aversion.  

Stocké (2007) used German panel data to explain class differences in secondary school. 
He found the estimated chance by parents about the child’s success in further education as the 
strongest predictor in the choice of secondary school. This finding, however, seems not to 
support risk aversion (or status maintenance) as the leading mechanism in the planning of 
educational tracks, and shows that social classes differ in terms of interpretation of school-
success. Moreover, there are also a number of important mechanisms which are out of the 
scope of rational decision making. Social classes are regarded as identical in terms of values 
and preferences in the BG-model. However, Gambetta (1987) found that the same preference 
could act in different direction and intensity in the choice for education by different social 
classes. Other analyses point out that social class differences are much more a function of 
motivation than financial resources, which is against the assumption that the difference in 
educational choice between social classes can be explained by the difference in financial 
resources. Tamm’s (2007) analysis on German Socio-Economic Panel Study show that if we 
include sibling fixed effects, income has no positive causal effect on school choice.  

 
III. New aspects and unsolved questions 

 
Some other researches pointed out the importance of personal characteristics like self-

confidence, self-esteem and self-worth, which might be important in the decision about 
different educational options. In their model Filippin and Paccagnella (2011) define self-
confidence as beliefs about one’s own ability. The agent who overestimates his ability is 
much more likely to choose more difficult educational tracks, where the amount of assessed 
knowledge is high. At the end of a long lasting process (modelled with the Bayesian learning 
approach), children with different levels of self-confidence accumulate different amounts of 
human capital. The authors assume that overestimated abilities mirror more ambition and lead 
to higher educational aspirations. A slightly different approach was performed by Cseres-
Gergely and Kézdi (2008). Using a unique panel dataset called Budapest Longitudinal Survey 
of Child Development they analysed the role of extraversion (measured with Big Five 
Personality traits) in studying towards higher education or working. They found that 
extraverted men are less likely to study for a degree; however extraversion has no direct effect 
on higher education for woman. The paper is quite agnostic about the sources of this gender 
differences. 

These approaches challenge some propositions of BG-model, namely that students are 
aware of their abilities, and expected success in the future education is assessed by previous 
failures. Against the BG-model, one could argue that students are not aware of the true level 
of their abilities and success at one point in education does not necessarily lead to continuing 
education. Moreover, when children decide studying further, they do not necessarily take into 
consideration their “real” performances but rather rely on their estimated abilities. For 
example, if they underestimate their own performance, they would choose less knowledge-
intensive educational tracks. It is also likely that social classes are different in terms of 
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acknowledging one’s own success, and the offspring of parents in more privileged classes 
estimate their performance more accurate. 

However this research is agnostic why are social classes different in terms of self-
assessment, my hypothesis is that parents employ different strategies to acknowledge the 
school-performance of children. Since education is more important in upper status families, 
parents in this social class give more frequent positive feedback about children’s school-
performance. They do that if the child has outstanding performance, but they might still 
maintain this habit if the child has average performance. Parents in less advantageous social 
classes might not attach such a great importance to school performance, therefore thy do not 
acknowledge children performance even if it outstanding. The lack of positive feedback, 
however, should be more destructive at average performance, since it is not revealed with the 
same evidence as the excellent performance. Since children do not know their real 
performance they relay on these feedbacks. As a consequence lower status pupils might be 
not aware their talent and therefore when deciding about further education they have less 
ambitious educational plans.  

Psychologist researches, however, seem to support this hypothesis, at least theoretically. 
According Rosenberg (1965) in the formation of self-esteem parental feedbacks (especially 
parental interest) play a curtail role. Other researches show that social classes are different in 
terms of strategies they employ during child rearing. Contrary to children in working class 
and poor families, middle class children are deliberately stimulated by their parents in order to 
foster their cognitive and social skills (Lareau et al., 2011:5). Some other theories point out 
the importance of individual relationships (social capital) on any social outcome (Coleman: 
1990). In their study Dufur et al. (2013) found that “home capital” measured by the frequency 
of parent-child discussion about school activities, and the frequency of parental homework 
check significantly increased academic achievement (measured with test scores in math, 
reading literacy and science).  

 
 
IV. The Hungarian educational system – educational choices in Hungary 
 

In Hungary, primary education is compulsory and begins at age 6. Admission to the 
primary school is by neighbourhood. If there are places available in the school – after the 
children of the district have been admitted – schools may admit students from outside the 
school district (Ministry of National Resources: 2011). Thus, parents have the possibility of 
choosing the primary school. Although this choice should be very much connected to parental 
background, it is out of the scope of this analysis, partly because this choice is made by the 
parents not the students themselves, and partly because there are no data for such an analysis.  

Traditionally, the primary school has 8 grades, but in some cases after 4 or 6 grades 
pupils can continue their education in an 8- or 6-year secondary school. The early choice of 
secondary education in Hungary (Horn: 2010) limits greatly the inequality of opportunities, 
since children of high status families are much more likely to begin secondary education as 
early as it is possible, and these schools provide better education than other types of 
secondary schools. Later in my analysis, I will not deal with this early stage of choice due to 
lack of data. However, this is a kind of simplification, we have to consider that compared to 
the number of persons in a specific birth cohort, the number of students who choose this 
privileged education is limited. 

In Hungary, compulsory education lasts until the pupils’ age of 181, therefore, after 
finishing primary education (usually 8th grade) at age 14, students have three possibilities: 
choosing general secondary schools (gimnázium), secondary vocational schools 
(szakközépiskola), or vocational schools (szakiskola). Gimnáziums offers an academic type of 
                                                 
1 It has been changed only recently to 16 year, but only for those who begun 8th grade in the academic year 
2011/12. 
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education in contrast with szakközépiskola, where education is more practical and pupils can 
obtain a profession. In terms of the type of educational choice, the biggest difference lies 
between szakiskola and the other two types of secondary education, since szakközépiskola 
and gimnázium provides the final examination which serves as an entry examination into 
universities or colleges. There is no tuition fee in the secondary education, but an entrance 
examination exists (if the school has more applicants than study places, the selection are 
based on the grade points and/or on the results of the nationally organized written entrance 
examination). Although really good secondary schools can apply really high requirements, 
there is at least one secondary school that guarantees admission for every student who lives in 
the district and has completed basic education (Ministry of National Resources: 2011). During 
my analysis I will concentrate on this educational decision, because this choice affect 
everyone, therefore no selection occurs like in case of choosing tertiary education. 

When students finish secondary-level education, they can make three types of choices. 
They can choose college or universities, they can obtain post-secondary education or 
participate in vocational education, finally – since compulsory education lasts until the 18th 
year – they can leave the educational system. In Hungary today, there is no general tuition fee 
for tertiary education. The first degree is financed by the state (according to an annually 
determined quota by the government) for those who obtained a sufficient level at the entrance 
examination (see: OECD, 2011: 266). This regulation basically means that approximately 
every second applicant can study free of charge at the university-level. The schematic 
representation of educational choices in Hungary is depicted at Figure 1.  

 
[Figure 1 about here] 

 
V. Data, definitions and empirical models 

 
V. 1. Data 

 
In my empirical analysis, I will use the Hungarian Life Course Survey (HLCS), which is 

an individual panel survey conducted by TARKI Research Institute on a yearly basis from the 
academic year 2006/2007 with the initial sample of nearly 10 thousand, basically 14-15 year 
individuals (the majority of them begun the 9th grade in that academic year). This survey can 
be merged with 8th (from the academic year 2005/2006) and 10th (from the academic year 
2007/2008) grade test scores in mathematical and reading literacy skills of the same students 
measured with the Hungarian National Assessment of Basic Competences (NABC) organised 
by the Hungarian Educational Authority. NABC monitors everybody studying at the given 
grade-level. The sample of HLCS was selected in 2006 from the population of 8th grade pupils 
with valid test scores in NABC. 

In my analysis I only focus on the transition to secondary school, since approximately 
half of the students were still in the secondary education after the fifths wave of HLSC (which 
was the latest cleaned wave of the survey at the end of 2012). Out of the 10,022 individuals 
who were selected from the population of the 8th grade pupils (NABC sample) 97.5% (9,770 
individuals) attended the secondary level education in the academic year 2006/2007 (the 
remaining 2.5% repeats 8th grade, or left the educational system without any qualification). 
Further 575 persons were excluded because they attended at the same secondary school they 
did in 8th grade (those pupils who study at 8 or 6 grade secondary schools) These selections 
resulted a sample of 9,195 individuals. 

Research Centre for Economic and Regional Studies of the Hungarian Academy of 
Sciences worked out a method to merge individual level competence scores in 8th grade (in 
academic year 2005/2006) to competence scores in 10th grade (in academic year 2007/2008) 
using two different waves in NABC survey. This procedure is not obvious since individual 
ID-s were different in different NABC waves. Unfortunately the matching of 10th grade 
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competence scores to HLCS was only successful in 4,216 cases which is about 46% of 
success. Since applying 10th grade test scores greatly limit the scope of analysis I will apply 
this this information only to answer a specific research question.  

All my data are weighted to the population of 8th class students measured by NABC in 
academic year 2005/2006 (note that NABC contains information about the whole cohort). I 
applied logit models where the rate of success (0 if the person is included only NABC, 1 he is 
included both in HLCS and NABC) was explained by competence scores, type of settlement, 
Hungarian counties and the maintainer of the school; and the inverse of the predicted 
probability was used as probability weight. Two weight variables were used, one if HLCS 
data is linked only to 8th grade test scores from NABC, and another if both 8th and 10th grade 
competence points were applied.  

 
V. 2. Definitions 

 
The transition from elementary education to secondary education is conceptualized with 

educational choice made at age 14, e.g. who studied at the 9th grade on the following school 
types: vocational school, secondary vocational school and secondary general school. Besides 
using this three-category variable about the type of the secondary school, I am also using 
some more qualitative measures about the secondary school. Neuwirth and Horn (2007:13) 
published a statistic which measures the rate of student from a given school (secondary 
general- and secondary vocational school) whose application was accepted at tertiary level 
after the general entrance examination. Using this statistics the “quality” of vocational school 
cannot be estimated (since tertiary education cannot be reached directly from this type of 
school). Applying NABC data therefore the mean value of competence scores was calculated 
in case of every secondary school using the school-mean of mathematic and reading literacy 
scores of the 10-graders in academic year 2005/2006. The matching of these statistics to the 
HLCS data was possible applying school IDs. Unfortunately this ID do not differentiates 
between different establishments within the same school, but the variance of competence 
scores is lower between establishments belonging to the same school than between two 
randomly chosen schools. So I concluded that – acknowledging the weakness of the matching 
procedure – the external data for the quality of secondary schools are quite reliable. 

Self-assessment is measured with a question: “What do you think about your 
achievement on a test in your 8th grade class where the total available scores are 100 and the 
average in your class is 70?” Note that this question refers to the performance in the 8th grade 
when students filled the competence test, however it is a kind of retrospective question (it 
asked was asked in the first wave of HLCS, where students begun 9th grade). The self-
assessment question is relatively (R-squared is about 8%) weakly associated with 
psychological measures like Rotter’s (1966) locus of control about the degree of control 
individuals have over their life, Rosenberg’s (1965) self-esteem about the overall evaluation 
of one's worth or value, Harter’s (1982) measure about social competence (whether somebody 
feels being an important member of his school class) and depression which scale was 
constructed from questions about anxiety and suicidal thoughts. Since we cannot be sure 
whether pupils’ answers of self-assessment question is independent from previous 
information about own performance I will use the term self-confidence only after the 
influence of previous performance (school-grades), peer- and school-effects are controlled 
for.  

Ability or academic performance will be measured by competence scores. I am fully 
aware that competence scores do not entirely describe academic performance or mental 
abilities; however competence scores should reflect academic performance better than school-
marks, which might be biased by the school environment. Every individual is characterised 
with the class average and individual test-point as well in mathematics and reading literacy. In 
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addition to competence test-scores I also use school-marks, because answering the self-
assessment question pupils do not necessarily reflect to the competence measure. 

Status maintenance is measured with a question on which parents were asked about the 
highest level of school-qualification they would like their child to complete. I recoded the 
question into three categories: primary, secondary and tertiary level.  

Resources of the household are assessed with the total monthly household net-income 
(divided by the square root of the household members) but this question was unfortunately 
asked only in the second wave of the survey – unlike the other variables used in the analysis. 
Using income data resulted to lose more than 2000 cases, which is quite a serious reduction in 
the sample. However there are statistically only small (and basically not significant) 
differences between those who have and who don’t have valid income data.  

Social classes will be defined by father’s (biological or stepfather) highest level of 
schooling (if the father is not member of the household mother’s highest level of schooling 
will be used) and will be referred hereafter parental background. Occupation apparently 
would be a more frequently used proxy for social classes, but unfortunately this is not 
available in HLCS. I assume, however, that to some extent, father’s schooling is a better 
proxy for social classes than the occupation variable. This assumption is supported by Róbert 
(1986), he found strong relationship between parental education and children’s educational 
attainments. Moreover it is more likely that higher educated parents give more emphasis to 
spending time with their children and help them to build a real self-image. Other researches 
(Andor: 2002) made distinctions in parental education whether one of the parents or both of 
them are tertiary educated and whether thy graduated in college or universities. Andor found 
that only 2% of those children whose both parents were graduated in university were studied 
in vocational school after finishing primary education, while the same ratio is 12% if only one 
of the parents have a college-degree (Andor, 2003:198). This means that my definition for 
parental background is quite loose, and therefore the results about status differences should be 
regarded as lower-limit estimation.  

I included two different kinds of vectors as controls. Individual controls are 
characteristics of the respondent (gender, age, ethnicity, type of settlement, region and a 
dummy variables measuring whether the respondent needs special education). School controls 
come from the NABC survey, and control some characteristics of 8th grade school class. The 
school principals answered some questions about the pupils in the school, whether they are 
well-off or poor, or where they are usually continue to study after finishing primary 
education. 

 
V. 3. Research problems and empirical models 
 

First, I will test whether the perception of one’s own ability is identical by pupils having 
different parental background. Answering this question an OLS regression model is employed 
where the self-assessment is explained with parental background, controlling for 8th grade 
competence scores. Equation 1 shows the model I estimated, where SA stands for self-
assessment question, PB means parental background, Cc is the average competence scores (in 
math and reading literacy) in respondents’ school class in the 8th grade, Ci is individual test-
scores, ε is individual error term, β-s are the vectors of ordinary least squares coefficients and 
α is the constant in the equation.  

 
SA = α + β1× PB + β2×Cc + β3×Ci + ε       (1) 

 
My second research question is about the transition from the elementary school to 

secondary education. Since the dependent variable is categorical in nature, multinomial 
logistic regression is employed: 
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Y = α + β1×SA + β2×A8 + β3×SM + β4×Rs + β5×PB + β6×T + β7×CI + β8×CS + δ (2) 
 

where Y represents the three possible types of secondary schools (secondary general school, 
secondary vocational school and vocational school). Among the right hand variables appears 
SA (self-assessment qestion), the three mechanisms considered as the major driver of 
educational decisions according to BR-model (ability: A8, status maintenance: SM and 
resources: Rs), PB stands for parental background, T captures some information about the 
admission into the secondary school2 (whether there was an admission test before, and 
whether the pupil was admitted at the first place in the chosen secondary school) CI 
represents individual controls, and CS school controls. The error term is δ, β-s are average 
marginal effects e.g. the percentage-point change in the probability that the dependent 
variable has a given value if the given explanatory variable changes one unit. The same set of 
control variables was used to explain the qualitative measures of secondary schools, e.g. the 
rate of students study at tertiary level and the average competence scores of 10 graders (in 
2006, when pupils in HLCS applied to secondary education) using OLS estimations.  

While answering my second research question the impact of self-assessment might be 
biased, because previous feedbacks about own achievement might bias the answers. It is 
reasonable to assume that answering the self-assessment question children might not 
articulate their opinion relative to their competence level. Therefore it is possible that the self-
assessment question captures knowledge about own performance which is not measured with 
competence points. Moreover we don’t know anything about the mechanisms why self-
assessment is important in the transition to secondary school? If we could justify that those 
who rate their own performance high, independently from school- and peer effect and 
previous school-performance do better in the school (e.g. they show larger progress in their 
performance), we could assume that self-assessment translates to a better achievement at the 
ability test (in schools where ability test exists) and gives the courage to apply to a better 
secondary school (if ability test do not exists). To be able to test whether self-assessment has 
an effect on knowledge-production and not vice-versa (is shaped by previous impulses about 
own talent) we explained two-year changes in competence scores. However in this exercise I 
can only estimate the progress between 8th and 10th grade, I assume that the mechanism is 
general, and could refer to the knowledge generation during the elementary school.  

Equation 3 illustrates this estimation procedure where individual math test-scores in 10th 
grade (M10i) is predicted with the self-assessment question (SA), information about the 
admission test (T), A8 stands for abilities (individual and class-average competence-scores in 
8th-grade and school-marks in math, Hungarian literature, and Hungarian grammar from 8th 
grade to 10th grade, obtained in every half year and. Class-average competence-sores both in 
math and reading literacy in 10th grade (A10c) also appeared in the estimation as well as 
parental background (PB) and school fixed effects (School-FE) for both to the school in 8th 
and 10th grade. However the equation shows the estimation for 10th grade math competence-
scores, I performed the same exercise with 10th grade reading literacy test scores. If self-
assessment has an impact on 10th grade competence scores independently, we will see its 
significant impact. Only in that case can we be sure that the self-assessment question 
measures self-confidence.  

 
M10i = α +β1×SA + β2×T + β3× A8 + β4×A10c + β5×PB β6×School-FE    (2) 

 
My last research question deals with the differences in educational outcomes according 

parental background. In this section we turn back to the transition to secondary school and Y 
(from Equation 2) is decomposed between low status respondents group A, and high status 

                                                 
2 Those who were not admitted at the first place in secondary school (because they failed the admission test) 
might report lower values on the self-assessment question (alternatively they were not succeed because the low 
self-assessment). 
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respondents group B. The difference in educational choice between the two groups (R) can be 
expressed as: 
 
R = E(YA) - E(YB)          (4) 
 
This difference is the sum of three factors: group differences in the predictors or 
characteristics: the endowments effect (E); differences in the coefficients (C); and the 
interaction term (I) accounting that differences in endowments and coefficients exist 
simultaneously between the two groups (Jann: 2008):  
 
R = E + C + I           (5) 
 
In my analysis I will concentrate on the differences in characteristics, and especially how 
much they are accountable for the total differences between the two groups. I will use an 
extension of Blinder–Oaxaca-type decomposition for nonlinear models (Powers – Yoshioka – 
Yun: 2011). To do that three logit models were estimated:  
 
 
Z = α + β1×SA + β2×A8 + β3× SM + β4× Rs + β5×Group + φ    (6) 

 
where Z is a dummy variable which represents the choice of a particular type of secondary 
school over another (scenario3a/ scenario2; scenario3a/ scenario3b; and scenario3b/ 
scenario2), SA, A8, SM, Rs are identical with those in equation 2, and Group can be A or B 
depending on high (father is tertiary educated) or low (father is elementary educated) status, α 
is the constant, β-s are the estimated logit regression coefficients, and φ is the error term. 
 
VI. Results 
 
VI. 1. The perception of ability – answering research question 1 

 
In Figure 2, the average individual performance in 8th grade (the mean of math and 

reading literacy test-scores) is expressed as the ratio of class-average performance (x axis). 
This statistics is plotted (y axis) against perceived competence (self-assessment), expressed as 
the ratio of class average (which is 70 according to the wording of the self-assessment 
question). As one can see, even students with average performance tend to slightly 
underestimate their own abilities. While above average performance is usually 
underestimated3, students tend to overestimate their performance if it is extremely low. The 
same level of competence is estimated by lower status respondents with more noise. 
Moreover the difference in the precision of the self-estimation across parental background is 
the largest at average performance. 

 
[Figure 2 about here] 

 
In Table 1, the results of the OLS regression are summarized where self-assessment 

question is explained with level of competence (individual and class average) and parental 
background (see Equation 1). The four models plotted in the table differ in the reference 
category. It is obvious that whatever reference category is chosen, students having different 

                                                 
3 Some underestimation is natural, since perception cannot exceed 100 points which is 1.43 times higher than 

class average (70 points). However, if we perform a logarithmic transformation: 







 SA

SA

100
ln where SA is 

self-assessment, we receive the similar results.  
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parental background estimate they performance significantly different, independently from 
“real” performance. Lower status pupils usually underestimate their abilities more than their 
high status peers. 

 
[Table 1 about here] 

 
VI. 2. Educational choices and self-assessment – answering research question 2 

 
Table 2 contains the parameter estimation of multinomial logistic regression, where 

studying in a given type of secondary school is explained with self-assessment, explanatory 
variables derived from BG-model, and control variables (see Equation 2). As expected, self-
assessment increases the probability to choose knowledge intensive educational routes, like 
secondary general school, while decreasing the probability of other – less knowledge 
intensive – options (vocational oriented options). One standard deviation increase in self 
assessment raises the probability to choose secondary general school with some 4 percentage 
which is approximately the same as one standard deviation change in reading literacy 
performance. In general, parental wishes toward further education are the most sizable 
explanatory mechanism – which supports the assumption of BG model.  

 
[Table 2 about here] 

 
The interaction between parental background and self-assessment is visualized in 

Figures 3 to 5. These figures show that parental background could amplify the impact of self-
assessment. Having the same academic performance the gain in self-assessment raises the 
likelihood of studying at secondary general school the most in case of advantageous parental 
background (Figure 3), while even the opposite is true for the vocational school track (Figure 
5).  

 
[Figures 3 to 5 about here] 

 
Table 3. shows the impact of self-assessment on qualitative schools-measures. In 

general we can conclude that self-assessment is positively related to the choice of a better 
secondary-school, whatever quality measure is used.  

 
[Table 3 about here] 

 
VI. 3. Why is self-assessment important – answering research question 3. 

 
Up to that point my results show that self-assessment is an important factor to choose 

knowledge intensive educational routes, but we don’t know anything about why it is so. I will 
argue now that self-assessment, independently from school- and peer effect contributes to the 
knowledge production and not vice versa. Since in this exercise every influence – which 
could modify self-assessment are controlled for – I incline to believe that the self-assessment 
question measures self-confidence. My results shows that one standard deviation in self-
assessment is between 7-9% of the impact of 8th grade reading literacy test-scores (in models 
for 10th grade reading literacy scores) and 15-16% of individual math test-scores (in models 
for 10th grade math-scores). This gain in progress is regarded universal and could explain why 
self-assessment is important in the transition from elementary to secondary school.  

 
[Table 4 about here] 
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Figure 6 visualize the interaction between self-assessment and parental background. It is 
established that the impact of self-assessment is the highest having disadvantageous parental 
background. Those having at least elementary educated father develop the best in reading 
literacy if they had confidence in their own achievement and the same is true for mathematical 
skills. Advantageous parental background on the other hand can temper the positive impact of 
self-confidence. These findings about the interactions challenges our previous result about the 
transition to secondary school, where we found that advantageous parental background 
increase the impact of self-assessment. In other worlds our findings show that even though 
self-assessment can over-write the negative impact of parental background knowledge-
development, the gap in parental status still exists in the planning of educational career. This 
finding seems to support our initial hypothesis that social classes are different in 
acknowledging own performance and this difference could lead to different educational 
decisions.  

 
 

VI. 3. Decomposing the difference in educational choice by parental background – 
answering research question 4. 

 
Children whose parents are tertiary educated have with some 20 points higher self-

assessment than those having elementary educated parents, which is approximately a 40% 
gain. We find similarly large status-differences in competence sores (138 points which is 
some 34%), equivalent household income (67 thousand HUF, the household of high status 
pupils have twice as much income than the household of their low income peers), and parents 
educational wishes (65 percentage points in case of the desire toward tertiary education). We 
can also establish that status-differences are linear and the largest differences are between the 
children of elementary and tertiary educated parent. Therefore the decomposition exercise is 
done only focusing on low versus high status pupils. 

Table 5, shows the results of a Blinder-Oaxaca type decomposition applied for non 
linear models (Powers – Yoshioka – Yun: 2011). The difference in coefficient (E) is 
interpreted as the explanation why low status pupils choose different educational scenarios. 
The first row of the table contains overall educational gap (R) between low and high status 
pupils. This gap is the sum (see Equation 5) of the difference in characteristics (E) and 
coefficients (C); I was not dealing with the interaction of these two components (I). The rows 
of the table contain the contribution of explanatory variables to the overall educational gap. 
The sum of the coefficients in the model is equal with E, and it is also expressed in the ratio 
of overall gap. Since in the focus of this analysis is to establish the role of different 
characteristics in educational decisions, I do not present the results of differences in 
coefficients (C) separately by each coefficients. I applied three different logit models 
(Equation 6), where the right-hand-side variables are identical, and the left-hand-side 
variables differ (the three possible educational option are compared pair-wise: in Model 1: 
secondary general school/vocational school; in Model 2: secondary general school/ secondary 
vocational school; in Model 3: secondary vocational school/vocational school).  

What we can learn from this type of analysis is that difference in the characteristics in 
the given variables are fairly large and are accountable for more than 80% in the difference of 
educational choices. The difference in self-assessment between low and high status pupils 
explains 10 (model 1) to 15 (model 2) percentage from the overall difference in the 
educational choice between the two groups. It means that equalizing self-assessment would be 
expected to reduce the educational choice gap between low and high status pupils by more 
than 10%, depending on the investigated educational scenario. In other words, independently 
from the difference in competence scores (and other control variables) the difference in the 
perceived abilities between low and high status pupils contribute significantly to the fact why 
low status students do not have such ambitious educational choices as their more 
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advantageous peers. Compared to the explanatory power of individual competence scores 
(where the difference in parental background is the largest) the explanatory power of self-
assessment should be regarded quite sizable, since it is around 30% of its impact.  

 
[Table 5 about here] 

 
VI. Conclusion 

 
In this paper, I argued that pupils having different parental background perceive their 

own abilities differently. Even after controlling for competence level, lower status students 
tend to underestimate their performance. At the same time students tend to make educational 
decisions not necessarily based on their real abilities, but on the slightly biased self-
assessment as well. Negative self-estimation leads to the choice of less knowledge intensive 
educational routes. Moreover, I argued that that the divergent educational decisions according 
to parental background are partly a consequence of interpretation of performance by differing 
social origin. A lot of open questions are left for future analysis. First of all, a future analysis 
should investigate why students coming from less advantageous families tend to 
underestimate their performance? However, the next step of my researches will be to find out 
the impact of self-assessment on educational choices which are made after the compulsory 
education finishes. 
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Table 1. Predicting self-assessment question with the level of competence and parental status 
– OLS regression parameters 

 
 (1) (2) (3) (4) 

DEPENDENT VARIABLES 

Self-assessment  
(not standardised) 

Self-assessment  
(not standardised) 

Self-assessment  
(not standardised) 

Self-assessment  
(not standardised) 

Reading competence score, 8th grade 
(standardised) 

3.869*** 3.869*** 3.869*** 3.869*** 
(0.292) (0.292) (0.292) (0.292) 

Math competence score, 8th grade 
(standardised) 

7.682*** 7.682*** 7.682*** 7.682*** 
(0.279) (0.279) (0.279) (0.279) 

Class average reading competence 
score 8th grade (standardised) 

-0.595 -0.595 -0.595 -0.595 
(0.464) (0.464) (0.464) (0.464) 

Class average math competence 
score 8th grade (standardised) 

-1.853*** -1.853*** -1.853*** -1.853*** 
(0.412) (0.412) (0.412) (0.412) 

Father’s hi. school qual.: Vocational 
school 

3.168***  -1.994*** -4.818*** 
(0.535)  (0.485) (0.583) 

Father’s hi. school qual.: High school 
final exam 

5.162*** 1.994***  -2.823*** 
(0.620) (0.485)  (0.593) 

Father’s hi. school qual.: Tertiary 
education 

7.985*** 4.818*** 2.823***  
(0.726) (0.583) (0.593)  

Father’s hi. school qual.: Elementary 
school 

 -3.168*** -5.162*** -7.985*** 
 (0.535) (0.620) (0.726) 

Constant 55.682*** 58.849*** 60.844*** 63.667*** 
(0.450) (0.286) (0.388) (0.511) 

Observations 8,391 8,391 8,391 8,391 
R-squared 0.339 0.339 0.339 0.339 
F-stat 669.6 669.6 669.6 669.6 
p-value 0.00 0.00 0.00 0.00 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 2.: Explaining the type of secondary school – average marginal affects after 
multinomial logistic regression 
 

DEPENDENT VARIABLES 

Scenario 2 
(vocational school) 

Scenario 3b 
(secondary vocational 

school) 

Scenario 3a 
(secondary general 

school) 

Self-assessment (standardised) 
-0.009* 
(0.005) 

-0.027*** 
(0.008) 

0.036*** 
(0.007) 

Did admission test before entering the 
secondary school 

-0.011 
(0.013) 

-0.022 
(0.021) 

0.033* 
(0.018) 

Admitted at the first place 
-0.029** 
(0.013) 

0.008 
(0.02) 

0.021 
(0.016) 

Reading competence score, 8th grade 
(standardised) 

-0.015** 
(0.007) 

-0.02* 
(0.011) 

0.035*** 
(0.009) 

Math competence score, 8th grade 
(standardised) 

-0.022*** 
(0.007) 

0.018 
(0.011) 

0.004 
(0.009) 

Class average reading competence score 8th 
grade (standardised) 

0.007 
(0.009) 

-0.014 
(0.016) 

0.007 
(0.014) 

Class average math competence score 8th grade 
(standardised) 

-0.006 
(0.008) 

0 
(0.014) 

0.006 
(0.012) 

Math school-mark (8th grade 2. semester) 
-0.039*** 

(0.006) 
0.01 

(0.01) 
0.028*** 
(0.008) 

Hungarian grammar school-mark (8th grade 2. 
semester) 

-0.032*** 
(0.007) 

0.007 
(0.012) 

0.024** 
(0.01) 

Hungarian literature school-mark (8th grade 2. 
semester) 

-0.027*** 
(0.007) 

-0.04*** 
(0.011) 

0.066*** 
(0.01) 

Parents want the child to finish: Primary 
education 

Reference Reference Reference 
Parents want the child to finish: Secondary 
education 

-0.2*** 
(0.015) 

0.084 
(0.101) 

0.115 
(0.105) 

Parents want the child to finish: Tertiary 
education 

-0.317*** 
(0.015) 

0.074 
(0.101) 

0.243** 
(0.105) 

Log of equalised household income in HUF 
(standardized) 

-0.014*** 
(0.004) 

-0.012* 
(0.007) 

0.026*** 
(0.006) 

Parent’s highest school qualification: 
Elementary 

Reference Reference Reference 
Parent’s highest school qualification: 
Vocational school 

0.006 
(0.01) 

-0.002 
(0.02) 

-0.004 
(0.019) 

Parent’s highest school qualification: High 
school final exam 

-0.03** 
(0.013) 

0.001 
(0.023) 

0.029 
(0.02) 

Parent’s highest school qualification: Tertiary 
-0.042* 
(0.023) 

-0.06* 
(0.031) 

0.101*** 
(0.024) 

Individual controls Yes 

School controls Yes 

Number of observations 6193 

Log likelihood -49798.39 

Wald chi2 2008.26 

p-value 0.00 

Pseudo R2 0.3746 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 3: Self-assessment and the quality of secondary-school, non-standardised OLS 
coefficients 
 
 

 (1) (2) (3+) (4+) (5+) 

DEPENDENT VARIABLES 

School-av. 
math comp. 

scores in 10th 
grade, (2006!) 
(standardised) 

School-av. 
reading comp. 
scores in 10th 
grade, (2006!) 
(standardised) 

The rate of 
successful 

entry in 
tertiary level 
2003-2006 

The rate of 
successful 

entry in 
tertiary level 

2006 

The rate of 
successful 

entry in 
tertiary level 
1996-2000 

Self-assessment (standardised) 0.041*** 0.037*** 1.084*** 1.094*** 0.706* 
(0.014) (0.012) (0.328) (0.360) (0.363) 

Did admission test before entering the 
secondary school 

0.094*** 0.156*** 2.985*** 3.027*** 2.689*** 
(0.035) (0.033) (0.900) (0.945) (0.938) 

Admitted at the first place 0.177*** 0.136*** 3.040*** 3.475*** 3.300*** 
(0.036) (0.032) (0.912) (0.965) (0.965) 

Reading competence score, 8th grade 
(standardised) 

0.103*** 0.112*** 3.080*** 3.229*** 2.295*** 
(0.018) (0.017) (0.455) (0.479) (0.491) 

Math competence score, 8th grade 
(standardised) 

0.144*** 0.090*** 2.331*** 2.606*** 2.394*** 
(0.020) (0.018) (0.479) (0.506) (0.525) 

Class average reading competence 
score 8th grade (standardised) 

0.029 0.055** 1.015 1.146 0.841 
(0.026) (0.023) (0.646) (0.705) (0.721) 

Class average math competence score 
8th grade (standardised) 

0.026 0.012 -0.151 -0.357 -0.124 
(0.023) (0.020) (0.553) (0.594) (0.637) 

Math school-mark (8th grade 2. 
semester) 

0.163*** 0.158*** 4.368*** 4.558*** 3.362*** 
(0.016) (0.015) (0.409) (0.434) (0.409) 

Hungarian grammar school-mark (8th 
grade 2. semester) 

0.120*** 0.112*** 3.567*** 3.356*** 2.362*** 
(0.020) (0.018) (0.492) (0.521) (0.504) 

Hungarian literature school-mark (8th 
grade 2. semester) 

0.093*** 0.114*** 2.140*** 2.114*** 1.689*** 
(0.018) (0.017) (0.462) (0.487) (0.460) 

Parents want the child to finish: 
Primary education 

Reference Reference Reference Reference Reference 

Parents want the child to finish: 
Secondary education 

-0.077*** -0.008 -3.839*** -4.682*** -2.794*** 
(0.028) (0.029) (0.713) (0.760) (0.767) 

Parents want the child to finish: 
Tertiary education 

0.133*** 0.261*** 0.958 -0.333 0.264 
(0.035) (0.035) (0.876) (0.926) (0.929) 

Log of equalised household income in 
HUF (standardized) 

0.036*** 0.048*** 0.806*** 0.924*** 0.821*** 
(0.012) (0.011) (0.282) (0.293) (0.305) 

Parent’s highest school qualification: 
Elementary 

Reference Reference Reference Reference Reference 

Parent’s highest school qualification: 
Vocational school 

0.039 0.038 0.348 0.149 -0.686 
(0.027) (0.027) (0.689) (0.727) (0.685) 

Parent’s highest school qualification: 
High school final exam 

0.133*** 0.129*** 1.808** 1.386 -0.516 
(0.035) (0.033) (0.848) (0.893) (0.862) 

Parent’s highest school qualification: 
Tertiary 

0.335*** 0.280*** 9.566*** 10.062*** 6.319*** 
(0.047) (0.043) (1.133) (1.209) (1.170) 

Constant 2.380 -33.466 714.136 535.656 400.637 
 (35.394) (32.134) (869.006) (939.859) (926.037) 
Individual controls Yes Yes Yes Yes Yes 
School controls Yes Yes Yes Yes Yes 
Observations 5,441 5,441 5,179 5,099 4,502 
R-squared 0.581 0.627 0.564 0.542 0.460 
F-stat 130.2 205.3 132.8 111.1 68.41 
p-value 0.00 0.00 0.00 0.00 0.00 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
+ The pupils studying at vocational schools were not included in the analysis. 



 18

Table 4: The role of self-assessment in the knowledge-production 
 
  (1) (4) (7) (10) 

DEPENDENT VARIABLES 

Reading competence 
score, 10th grade 

(standardised) 

Reading competence 
score, 10th grade 

(standardised) 

Math competence 
score, 10th grade 

(standardised) 

Math competence 
score, 10th grade 

(standardised) 

Self-assessment (standardised) 
0.037** 0.028* 0.079*** 0.070*** 

(0.015) (0.014) (0.015) (0.014) 

Did admission test before entering the 
secondary school 

-0.056 -0.070* -0.047 -0.000 

(0.041) (0.041) (0.041) (0.044) 

Admitted at the first place 
0.009 0.054 -0.039 -0.041 

(0.039) (0.038) (0.037) (0.035) 

Reading competence score, 8th grade 
(standardised) 

0.423*** 0.417*** 0.087*** 0.099*** 

(0.022) (0.021) (0.020) (0.018) 

Math competence score, 8th grade 
(standardised) 

0.189*** 0.189*** 0.490*** 0.479*** 

(0.023) (0.023) (0.022) (0.019) 

Class average reading competence score 
10th grade (standardised) 

0.456*** 0.490*** -0.099*** -0.074* 

(0.033) (0.039) (0.035) (0.040) 

Class average reading competence score 
8th grade (standardised) 

0.054 -0.030 0.020 0.012 

(0.074) (0.026) (0.062) (0.028) 

Class average math competence score 
10th grade (standardised) 

-0.096*** -0.068* 0.397*** 0.390*** 

(0.030) (0.035) (0.036) (0.039) 

Class average math competence score 
8th grade (standardised) 

-0.112 -0.025 0.036 -0.026 

(0.074) (0.026) (0.065) (0.025) 

Constant 
0.019 -0.207** 0.108 -0.016 

(0.092) (0.092) (0.090) (0.104) 
School marks (from 8th grade to 10th 
grade in math, Hungarian grammar, and 
Hungarian literature), 12 variables 

Yes Yes Yes Yes 

Parental background Yes Yes Yes Yes

Fixed effects, 8th grade Yes No Yes No 

Fixed effects, 10th grade No Yes No Yes 

Observations 2,904 2,904 2,904 2,904 

Number of groups 779 714 779 713 

Log likelihood -47665 -47157 -44177 -44073 

chi2 5956 3050 6036 3347 

p-value 0 0 0 0 
Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 5.: Decomposition of educational gap between high and low status pupils, multivariate 
decomposition for logit 
 

VARIABLES 

Secondary general school 
versus 

Vocational school 

Secondary general school 
versus 

Secondary vocational school 

Secondary voc. school 
versus 

Vocational school 

Parameters 
% 

Parameter/R Parameters 
% 

Parameter/R Parameters 
% 

Parameter/R 
Overall difference between high 
and low status pupils (R) 

0.665*** 
100.0% 

0.533*** 
100.0% 

0.433*** 
100.0% 

(0.014) (0.021) (0.016) 
Differences in characteristics (E) 0.503*** 

75.6% 
0.474*** 

88.9% 
0.348*** 

80.4% 
(0.058) (0.031) (0.061) 

Differences in coefficients (C) 0.162** 
24.4% 

0.059 
11.1% 

0.084 
19.4% 

(0.064) (0.037) (0.064) 
Self-assessment question 
(standardized) 

0.101*** 
15.2% 

0.117*** 
22.0% 

0.084*** 
19.4% 

(0.037) (0.028) (0.032) 
Reading competence score, 8th 
grade (standardised) 

0.160*** 
24.1% 

0.200*** 
37.5% 

0.056 
12.9% 

(0.041) (0.032) (0.050) 
Math competence score, 8th grade 
(standardised) 

0.062 
9.3% 

-0.028 
-5.3% 

0.118** 
27.3% 

(0.047) (0.037) (0.060) 
Class average reading competence 
score 8th grade (standardised 

-0.102 
-15.3% 

0.049 
9.2% 

-0.094* 
-21.7% 

(0.071) (0.055) (0.055) 
Class average math competence 
score 8th grade (standardised) 

0.109* 
16.4% 

0.029 
5.4% 

0.077 
17.8% 

(0.061) (0.051) (0.048) 
Parents want the child to finish: 
Secondary education# Reference Reference Reference Reference Reference Reference 

Parents want the child to finish: 
Tertiary education 

0.115*** 
17.3% 

0.055 
10.3% 

0.082** 
18.9% 

(0.037) (0.040) (0.033) 
Log of equalised household income 
in HUF (standardized) 

0.057** 
8.6% 

0.056** 
10.5% 

0.025 
5.8% 

(0.027) (0.023) (0.027) 
Constant 0.000 

0.0% 
-0.001*** 

-0.2% 
0.001*** 

0.2% 
(0.000) (0.000) (0.000) 

Observations 1281  1342  1471  

Low status pupil = father has primary education 
High status pupil = father has tertiary education 
# In this subsample no individual were found with a parental whish toward primary education 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 1: Schematic representation of educational choices in Hungary 
 

 
Based on Breen - Yaish (2006) and applied on Hungarian educational system 

 



 21

Figure 2: The connection of competence with its self-perception – nonparametric lowess 
smooth  
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Figure 3: Predicted impact of self-assessment by parental bachground with 95% confidence 
intervall, predictions for secondary general school 
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The models contain a restricted set of control variables:
parental background and 8th grade competence scores (individual and class average).
All variables are kept at their mean.
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Figure 4: Predicted impact of self-assessment by parental bachground with 95% confidence 
intervall, predictions for secondary vocational school 
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Figure 5: Predicted impact of self-assessment by parental bachground with 95% confidence 
intervall, predictions for vocational school 
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Figure 6: Predicted impact of self-assessment by parental bachground, predictions for the 
progress in competence scores 
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Appendix 
 
Figure 1: Class differences in educational attainment in the birth cohorts 1920-1980, lowess 
smooth 
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